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Abstract

Our research merge two different models of the Hybrid Attention Networks (HAN)
and the Long Short-Term Memory (LSTM) to improve the stock trend prediction. The
combination of the two algorithms helps leverage the advantages of both models to
learn sequential information in time series and news articles. The experimental results
show that the best accuracy score, combined with news and stock prices, is 80 %. The
performance of the proposed model compared to HAN and LSTM model increased by
up to 40%.
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