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Abstract

The correlation between Internet financial texts and financial commodity investment income
has been an emerging research topic in recent years. Sentiment analysis is a useful technique
to accomplish the investment psychology. In sentiment analysis, there are two main
approaches to emotion state representation: categorical and dimensional. The dimensional
approach can be further divided into single dimension and multiple dimensions. This study
investigates the use of categorical, single-dimensional and multi-dimensional approaches to
quantifying the Internet financial texts as investment atmosphere scoring. Experimental
results show that the multi-dimensional method achieves the best correlation between the



investment atmosphere scoring and stock price trends.
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