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Abstract 

This work presents a novel architecture using SVM and Eigen-MLLR for rapid on-line 
multi-speaker adaptation in ubiquitous speech recognition. The recognition performance in 
speaker independent system is better than in conventional speaker dependence system, and 
the key point is speaker adaptation techniques. The adaptation approach is on the basis of 



combine SVM and Eigen-MLLR, generating a classification model and building parameters 
vector-space for all speakers’ individual training data. While in recognition, to find test 
speaker classification by SVM and look for MLLR parameters matrix correspond to speaker 
classification, then the MLLR parameters matrix and original acoustic model will integrate 
into speaker dependent model. Last, we estimate the adapted MLLR transformation matrix 
set by weighting function with recognition result, the present MLLR matrix, and Eigenspace. 
The estimate result will be used to update the MLLR matrices in adaptation phase. The 
experimental results show that the proposed method can improve 5% to 8% speech 
recognition accuracy with speaker adaptation. 

JKƒ „ ubiquitous.()*+ . SVM. MLLR 
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{¥ !M Š i > � ê()*+EF$ � M (456�7 ìLh i$�C .•��Ë ! ‡
Õ4rs 4x HS � ê��()ó�¹; � $56 34 BÌ . � ÷ ! 34 ‚! 85.7%8  

{¥�i > � ê() *+ F 150Â Ž•0(hi  

$%&'$%&'$%&'$%&'  1 2 3 4 5 6 7 8 9 10 ()*()*()*()*  

+,&-+,&-+,&-+,&-  130 124 126 133 129 126 127 131 134 125 1285 

./&-./&-./&-./&-  20 26 24 17 21 24 23 19 16 25 215 
 ! + , ! + , ! + , ! + ,
0000 (%) 

86.6 82.6 84 88.7 86 84 84.7 87.3 89.3 83.3 85.7 
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