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! IJCLCLP - Call for Papers I

Special Issue on
Web 2.0 and Social Computing

With the popularity of Web 2.0 in recent years, there
are an increasing number of applications targeting at
not only content but people and their social
connections. People interact with each others
throughout social networking media such as blogs,
Wikis, Flickr, Twitter, and Del.icio.us. Consequently,
technologies developed for natural language
processing have been widely applied on analyzing and
extracting social media. This special issue brings
together the computational linguistics with Web 2.0
and social computing. Through soliciting the
state-of-the-art research methods and results on the
relevant topics, this special issue aims at discovering
synergies among the computational linguistics, Web
2.0 and social computing in order to identify
new ways of understanding this emerging field.

Areas of interest include, but are not limited to:

* Natural Language Applications on Web 2.0 and
Social Networks

* Social Network Analysis

* Search and Mining on Web 2.0 and Social Media

Schedule

Submission deadline:
Notification of acceptance:
Final manuscript due:
Tentative publication date:

July 1, 2010
September 1, 2010
November 1, 2010
December 15, 2010

For more details, please visit our website:

http://www.aclclp.org.tw/journal/cfp.php
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Call for Papers
Conference on Computational Linguistics and Speech Processing

917 - 2 HE I’Zﬁﬁ—‘IFIT- ”F'IFP[ m,IEJf"'F«E]‘ﬁ ROCLING XXII
National Chi Nan University, Nantou, Taiwan

1- 2 September 2010

The 22" ROCLING Conference will be held at National Chi Nan University, Nantou,
on September 1-2, 2010. Sponsored by Association for Computational Linguistics and
Chinese Language Processing (ACLCLP), ROCLING is the most historied and major
conference in the broad field of computational linguistics, speech processing, and
related areas in Taiwan.

ROCLING XXII will be co-hosted by the Department of Computer Science and
Information Engineering and the Department of Electrical Engineering, National Chi
Nan University. The two-day conference will feature invited talks, paper, and poster
sessions.

ROCLING XXII invites submissions of original and unpublished research papers on
all areas of computational linguistics, natural language processing, and speech
processing, including, but not limited to, the following topic areas.

Topics of Interest:

cognitive/psychological linguistics - semantic web
discourse/dialogue modeling - semantics/pragmatics
information extraction/text mining - speech analysis/synthesis
information retrieval - speech recognition/understanding
language understanding/generation - spoken dialog systems
lexicon/morphology - spoken language processing
machine translation/multilingual processing - syntax/parsing

named entity recognition - text/speech summarization

NLP applications/tools/resources - web knowledge discovery
phonetics/phonology - word segmentation/POS tagging
question answering - others

Important Dates:

Preliminary paper submission deadline: July 2, 2010
Notification of acceptance: August 6, 2010
Camera-ready due: August 15, 2010
Conference date: September 1-2, 2010
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IEEE TRANSACTIONS ON

AFFECTIVE COMPUTING

. |

The new IEEE Transactions on Affective Computing seeks original manuscripts for publication. This new online only
journal will publish cross disciplinary and international archival results of research on the design of systems that can
recognize, interpret, and simulate human emotions and related affective phenomena. The journal will publish original
research on the principles and theories explaining why and how affective factors condition interaction between hu-
mans and technology, on how affective sensing and simulation techniques can inform our understanding of human
affective processes, and on the design, implementation and evaluation of systems that carefully consider affect among
the factors that influence their usability. Surveys of existing work will be considered for publication when they pro-
pose a new viewpoint on the history and the perspective on this domain. The journal covers but is not limited to the

following topics:

Sensing & Analysis

¢ Algorithms and features for the
recognition of affective state from
face and body gestures

e Analysis of text and spoken lan-
guage for emotion recognition

* Analysis of prosody and voice
quality of affective speech
 Recognition of auditory and visual
affect bursts

¢ Recognition of affective state
from central (e.g. fMRI, EEG) and
peripheral (e.g. GSR) physiological
measures

¢ Methods for multi-modal recogni-
tion of affective state

* Recognition of group emotion

® Methods of data collection with
respect to psychological issues as
mood induction and elicitation or
technical methodology as motion
capturing

e Tools and methods of annotation
for provision of emotional corpora

(Cyber)Psychology & Behavior

e Clarification of concepts related to
‘affective computing’ (e.g., emotion,
mood, personality, attitude) in ways
that facilitate their use in computing.
e Computational models of human
emotion processes (e.g., decision-
making models that account for the
influence of emotion; predictive
models of user emotional state)

e Studies on cross-cultural, group
and cross-language differences in
emotional expression

¢ Contributions to standards and
markup language for affective com-
puting

Behavior Generation & User
Interaction

¢ Computational models of vi-
sual, acoustic and textual emotional
expression for synthetic and robotic
agents

® Models of verbal and nonverbal
expression of various forms of affect
that facilitate machine implementa-
tion

® Methods to adapt interaction with
technology to the affective state of
users

e Computational methods for influ-
encing the emotional state of people
* New methods for defining and
evaluating the usability of affective
systems and the role of affect in us-
ability

® Methods of emotional profiling
and adaptation in mid- to long-term
interaction

® Application of affective comput-
ing including education, health care,
entertainment, customer service,
design, vehicle operation, social
agents/robotics, affective ambient
intelligence, customer experience
measurement, multimedia retrieval,
surveillance systems, biometrics,
music retrieval and generation

Editor in Chief: Jonathan Gratch, University of Southern California. To submit a paper, go to
https://mc.manuscriptcentral.com/taffc-cs.

IEEE Systems, Man,
@ computer & Cybemelics
society Society

-

IEEE
Computational
Intelligence
Society

Published in cooperation with: IEEE Robotics and Automation Society, IEEE Signal Processing Society, IEEE Society on Social Implications
of Technology, IEEE Consumer Electronics Society, IEEE Circuits and Systems Society
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